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Abstract:
In today’s globalization, machine translation technology has become an indispensable bridge for cross-lingual 
communication. The integration of sentiment analysis makes machine translation not only able to convey information, 
but also able to accurately express and understand the emotional color of the original text, which is of great significance 
in the fields of cross-cultural communication, customer service, and social media interaction. This study overviews 
the development of machine translation technology, from early rule-based models to modern statistical models to 
Transformer-based neural network models, with a special focus on the integrated application of ChatGPT in sentiment 
analysis and machine translation. First, this study introduces the background and research significance of machine 
translation, and discusses the role of sentiment analysis in improving translation quality and user satisfaction. 
Subsequently, the historical development of machine translation technology is reviewed in detail, and the basic concepts 
and methodologies of sentiment analysis and its applications in different fields are elaborated. On this basis, this study 
analyzes in depth the technical architecture, language model and interaction capability of ChatGPT, as well as its 
specific application and performance in sentiment analysis. Further, this study explores the importance of sentiment 
analysis in machine translation, including sentiment recognition, translation strategies for sentiment expression, and 
the impact of sentiment analysis on improving translation quality and cultural adaptability. Meanwhile, the advantages 
and limitations of ChatGPT in sentiment analysis are assessed, and future research directions are proposed, including 
technology convergence, construction of datasets and evaluation criteria, and ethical and bias issues. Finally, this 
study summarizes the practical application value of sentiment analysis in machine translation and looks forward to the 
potential areas of future research, aiming to provide reference and inspiration for the further development of machine 
translation and sentiment analysis.
Keywords: machine translation, sentiment analysis, ChatGPT, cross-cultural communication, technological 
evolution, translation quality

1. Introduction
With the process of globalization, communication be-
tween different countries and regions is becoming more 
and more frequent, and the demand for multilingual 
translation is increasing. However, human translation is 
not only costly, but also difficult to meet the doubling of 
scientific and technological literature due to the “intelli-
gence explosion”. [1] With the development of computing 
technology and the maturity of language modeling theory, 
machine translation has become more technically feasi-
ble, and some machine translation systems have been put 
into use and shown good utility, which provides favorable 
conditions for realizing high-quality translation. However, 
language is not only a carrier of information, but also an 
expression of emotion and culture. In different contexts 

and cultural backgrounds, the same words may carry dif-
ferent emotional colors and implied meanings. Therefore, 
traditional machine translation systems may not be able to 
accurately capture and convey the emotion and context of 
the original text, resulting in raw or distorted translation 
results. Sentiment analysis, as an important branch in the 
field of natural language processing, focuses on identify-
ing, extracting, and understanding emotional tendencies 
and state moods in texts. Introducing sentiment analysis 
technology into machine translation can significantly 
enhance the quality and naturalness of translation, and 
achieve improvements in accurate conveyance of emo-
tional color, deepening of contextual understanding, adap-
tation of cultural differences, user-formulated translation, 
automatic evaluation of translation quality, and expansion 
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of multimodal translation, etc. ChatGPT, as a state-of-the-
art language model, integrates the capability of sentiment 
analysis, which not only enhances its interaction with 
the users’ interactive experience, but also has a profound 
impact on machine translation. In this study, we will take 
ChatGPT as an example to introduce the application and 
impact of sentiment analysis in machine translation.

2. Sentiment Analysis in Machine 
Translation
2.1 The Importance of Emotion
Emotion is a core element in language communication, 
which can not only convey information, but also express 
the emotional state and attitude of the speaker.
In machine translation, the importance of emotion is re-
flected in the following aspects:
(1) Transmission of emotion: Accurate transmission of 
emotion is crucial to understanding the intent of the origi-
nal text. If the emotional color is neglected in the transla-
tion process, it may lead to misunderstanding or distortion 
of the message. If the translation process fails to accu-
rately capture the emotional color of the original text, it 
may lead to the loss of the original infectious power of the 
translated text. Meanwhile, different languages may have 
different intensity of emotional expression. The character-
istics of the target language need to be taken into account 
when translating in order to match the emotional intensity.
(2) Cultural differences: There are differences in the way 
emotions are expressed in different cultures. Machine 
translation needs to take these differences into account 
to ensure the cross-cultural transmission of emotions. 
Emotional expressions in Chinese tend to be subtle, not 
expressing emotions directly, but conveying them through 
metaphors, hints or other rhetorical devices. There are 
many culturally specific expressions of emotion in Chi-
nese, such as concepts like “face” and “relationship”, 
which may not have direct equivalents in other cultures. 
Idioms and idioms in Chinese are also commonly used to 
express emotions, and they are often rich in cultural con-
notations and emotional coloring.
(3) Contextual understanding: Emotions are often closely 
related to specific contexts. Machine translation requires 
in-depth understanding of the context of the original text 
to ensure the appropriate expression of emotions.

2.2 Emotion Recognition
Sentiment recognition is a key step in machine translation, 
which involves the automatic identification of sentiment 
tendencies from source language texts and their transla-
tion into corresponding expressions in the target language.
(1) Lexicon-based Methods: utilizing an affective lex-

icon to identify affective words in a text and inferring 
the overall affective tendency through the aggregation of 
these words. For example, Lexicon-based Method (LBM), 
which is a method that relies on a pre-defined sentiment 
lexicon to identify emotional tendencies in a text. This 
method can infer the overall affective tendency by analyz-
ing the affective words in the text and their context.
(2) Machine Learning Models: Machine learning algo-
rithms are applied to automatically identify emotional ten-
dencies in text. Here are some specific models and their 
usage:
Statistical Machine Translation (SMT) is an early ap-
proach to machine translation, which usually includes 
steps such as source language analysis, word alignment, 
language modeling, translation modeling, and decoding. 
[2]
As an example of French to English translation, given a 
French sentence x  our goal is to find the English sentence 
that most likely corresponds to it y  . Mathematically, this 
process can be achieved by maximizing the conditional 
probability P y x( | )  to realize it:

argmax P y xy ( | )
According to Bayes’ theorem, the above optimization 
problem can be equivalently transformed into:
argmax P x y P yy[ ( | ) • ]( )
Where P x y( | )  is the conditional probability calculated 
by the translation model, which reflects that given a target 
language sentence y when the source language sentence 
x is the probability of occurrence of the source language 
sentence when given the target language sentence. P y( )  
is the probability provided by the language model, which 
describes the target language sentence y itself in terms of 
fluency and naturalness, usually obtained by analyzing a 
corpus of the target language. [3]
Neural Machine Translation (NMT) is a mainstream 
approach in recent years, which uses deep learning tech-
niques, especially Recurrent Neural Networks (RNN) 
and Long Short-Term Memory Networks (LSTMs), to 
handle translation tasks. NMT models are able to better 
capture the dependencies between the source and target 
languages. The Sequence to Sequence model (Seq2Seq) is 
a common NMT architecture that uses an encoder-decoder 
framework to transform text sequences. The encoder reads 
the source language text and generates a fixed-size context 
vector, and the decoder converts this vector into the target 
language text. is a common NMT architecture that uses an 
encoder-decoder framework to transform text sequences. 
The encoder reads the source language text and generates 
a fixed-size context vector, which the decoder converts to 
the target language text.
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Figure 1 Neural machine translation model structure [5]
Attention Mechanism enhances the Seq2Seq model by 
allowing the decoder to pay more attention to the relevant 
parts of the source language text when generating each 

target word, thus improving the accuracy and fluency of 
the translation.

Figure 2 The algorithm of Attention Mechanism [6]
Transformer model is completely based on the attention 
mechanism, abandoning the sequential processing of re-
current neural networks, and is able to process all input 

data in parallel, which greatly improves the training effi-
ciency. Transformer has become one of the most advanced 
machine translation models at present.
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Figure 3 Structure of Transformer [7]
Pre-training models such as BERT and its variants such 
as GPT are pre-trained on a large amount of text to learn 
a deep representation of the language, which is then fine-
tuned on specific tasks, including machine translation. 

Integrated learning models improve translation quality by 
integrating multiple machine learning models, reducing 
errors and uncertainty by combining the strengths of dif-
ferent models.

Figure 4 Structure of BERT and GPT [8]
(3) Deep Learning Techniques: Using deep learning mod-
els such as CNN, RNN and LSTM, text data can be pro-
cessed to capture the contextual information and semantic 
relationships in the text, and then recognize the emotional 
tendency in the text. For example, recurrent neural net-
works are utilized to process text data and identify the 
emotional tendency classification results through multiple 
hidden layers. Deep learning technology can learn the 

complex patterns and hierarchies in the data through train-
ing and automatically extract features without human in-
tervention. This is a significant improvement in the accu-
racy and efficiency of machine translation and sentiment 
analysis.
Processing strategies for emotion recognition in the ma-
chine translation process include:
Sentiment annotation is performed on the source text be-
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fore translation so that the translation model can recognize 
and understand the sentiment information. In the field of 
machine translation, the accuracy of sentiment analysis 
depends heavily on the quality of sentiment lexicons. 
Researchers have invested great efforts in building and la-
beling these lexicons to ensure that they accurately reflect 

the nuances of different emotions. They have developed 
a variety of methods to construct and annotate sentiment 
lexicons, the most common practice of which is to label 
sentiment words with their positive or negative meanings 
as well as the sentiment category to which they belong. [4]

Figure 5 Emotional labeling before machine translation [9]
Sentiment adaptation is an important aspect of the sen-
timent analysis strategy in machine translation, which 
emphasizes taking into account the cultural and contextual 
features of the target language in the translation process 
and adjusting the sentiment expression accordingly. There 
are different ways to express the concept of affective 
adaptation, such as: culture-sensitive adjustment, con-
text-adaptive translation, cross-cultural conversion of af-
fective expressions, target language affective style match-
ing, contextualization of affective coloring, and dynamic 
adaptation of affective semantics.

2.3 Translation of Emotions
Translation of emotions is a challenge in machine transla-
tion, which requires the translation system not only to be 
faithful to the meaning of the original text, but also to be 
able to convey the emotional atmosphere of the original 
text. Constant attention should be paid to maintaining con-
text, cultural adaptation, and matching emotional intensity 
during the translation process. It is crucial to maintain 
the context of the original text in the translation process, 
which helps to maintain emotional coherence and consis-
tency. And considering the differences in the expression 
of emotions in different cultures, appropriate cultural 
adaptation is needed in translation to ensure the natural 
expression of emotions. When translating, it is necessary 
to consider the intensity of the emotion in the original text 

and find the corresponding expression in the target lan-
guage to match the intensity of the emotion.
For technical realization, the following strategies can be 
used:
Sentiment Analysis Tools: Use sentiment analysis tools to 
assist in the translation process by automatically identify-
ing and tagging sentiment words and phrases. Sentiment 
analysis tools include, AssemnlyAI Sentiment Analysis 
API for audio and video, Twinword Sentiment Analysis 
API for simple text, IBM Waston Natural Language Un-
derstanding for more granularity on static text, and a num-
ber of Python libraries that allow for sentiment analysis 
such as Pattern, TextBlob, scikit-learn, Polyglot, PyTorch, 
etc. scikit-learn, Polyglot, PyTorch, etc.
Translation Memory (TM): TM is a database that when a 
translator is translating new text, the translation memory 
tool searches the database to find translated text segments 
that match or partially match the new text. With the devel-
opment of cloud computing technology, translation mem-
ories can also be stored in the cloud for easy multi-user 
access and collaboration. However, based on current 
technology, translation memories may not be applicable to 
highly creative or literary texts, which require more con-
textual understanding and flexibility.
Integration of advanced AI technologies: The latest AI 
technologies, such as BERT, GPT, etc., are utilized to 
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enhance the depth and breadth of sentiment analysis, 
making translation results more natural and accurate. 
Manual post-processing: On the basis of machine trans-
lation, manual post processing is carried out to ensure the 
accurate conveyance of emotional color and optimize the 
translation quality.
Through the above methods, the machine translation sys-
tem is able to better identify, process and retain the emo-
tional color of the original text in the translation process, 
thus providing higher quality and more infectious transla-
tion results. Taking ChatGPT as an example, its advanced 
natural language processing capability gives it a signif-
icant advantage in sentiment analysis and translation, 
enabling it to more accurately understand and express the 
emotional tendencies of the original text.

3. Application of ChatGPT in Senti-
ment Analysis
3.1 Case Study
3.1.1 Product Review Sentiment Analysis

ChatGPT’s performance in sentiment analysis was demon-
strated by having ChatGPT summarize the hot and not-so-
hot products with respect to the feedback from users in the 
comments section of the online Yonex website.

Figure 6 A conversation with ChatGPT about 
user reviews

ChatGPT demonstrated excellent capabilities in this senti-
ment analysis task, being able to collect user reviews from 
unofficial sources and carefully categorize and analyze 
these reviews. It successfully distinguished between posi-
tive and negative feedback, provided quantitative propor-
tions of sentiment tendencies, and accordingly concluded 
which Yonex products were popular and which needed 
improvement.
3.1.2 Emotional Analysis of Film and Television Pro-
ductions
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ChatGPT’s ability to evaluate the emotional analysis as-
pects of video content, sound and picture can be demon-
strated by having ChatGPT evaluate The Crucible, written 
by Arthur Miller.

Figure 7 ChatGPT’s comments on film and 
television productions

ChatGPT’s response demonstrated insight in this emo-
tional analysis, successfully exploring key themes and 
the emotional depth of the characters in The Crucible. It 
not only meticulously describes the emotional motiva-
tions and psychological states of the characters, but also 
analyzes how the language and style of the play conveys 
emotion and tension. Furthermore, ChatGPT emphasizes 

the play’s emotional urgency and relevance by connecting 
it to McCarthyism, while concluding with a conclusion 
that highlights the play’s timeless exploration of human 
nature, morality, and societal dynamics, as well as its 
far-reaching implications in contemporary discussions. 
Overall, ChatGPT’s responses conveyed an appreciation 
for the emotional depth of Miller’s work, demonstrating 
its comprehensiveness and depth of emotional analysis.
3.1.3 Sentiment Analysis of Text Translation

Figure 8 ChatGPT conversational translation
Take the translation results of “种瓜得瓜 , 种豆得豆 ” 
and “一分耕耘 , 一分收获 ” as an example, their direct 
translation is “you reap what you sow”, which expresses 
a cause-and-effect relationship but fails to present the 
full meaning of the Chinese proverb. Both of them are 
translated as “you reap what you sow”, which expresses 
a cause-and-effect relationship but fails to present the 
deeper meaning of the Chinese proverbs in their entirety. 
In Chinese culture, “种瓜得瓜 , 种豆得豆 ” is a meta-
phor for the relationship between karma and retribution. 
In contrast, the saying, “一分耕耘 , 一分收获 ”, tends to 
emphasize the positive correlation between hard work and 
reward.
Although this dialogic translation accurately uses the En-
glish idiom “You reap what you sow” to correspond to the 
two Chinese expressions, it fails to adequately capture the 
emotional and contextual differences between “种瓜得瓜 , 
种豆得豆 ” and “ 一分耕耘 , 一分收获 ”. The transla-
tion ignores the emotional overtones of karma and moral 
responsibility implied in the former, and the positive re-
lationship between positive effort and reward emphasized 
in the latter. Although the English translation is literally 
appropriate, it falls short in conveying emotional depth 
and cultural nuance. In order to more accurately reflect 
the connotations of the Chinese idioms, it is recommend-
ed that more specific and relevant English expressions be 
used or that additional cultural and emotional contextual-
ization be provided.
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3.2 Strengths and limitations
3.2.1 Strengths

The popularity of the Internet and the explosive growth 
of social media have provided a large amount of bilingual 
or multilingual data for machine translation. These data 
include not only formal texts, such as books, newspapers 
and academic papers, but also informal spoken expres-
sions, such as Internet forums, blogs and instant messag-
ing.
Big data makes it possible for machine translation systems 
to learn the diversity and complexity of language through 
massive language samples, thus improving the accuracy 
and naturalness of translation. At the same time, big data 
analytics, such as text mining and sentiment analysis, of-
fer the possibility of understanding the deeper meaning of 
language.
The increase in computing power, especially the wide-
spread use of parallel computing devices such as GPUs 
and TPUs, has greatly accelerated the training process of 
deep learning models. This enables machine translation 
systems to train more complex models, such as Trans-
former and BERT, which are better able to capture lan-
guage features and contextual relationships.
Globalization has led to increasingly frequent exchang-
es between people from different countries and regions 
in business, education, tourism and cultural exchanges. 
Machine translation systems provide non-native speakers 
with the tools to cross language barriers and facilitate 
communication and understanding between people of dif-
ferent cultural backgrounds.
In the field of business, machine translation helps enter-
prises to cross language barriers, expand international 
markets and communicate effectively with global custom-
ers and partners. In the field of science and technology, 
machine translation promotes knowledge sharing and 
technology dissemination, accelerating the pace of global 
innovation. In the medical field, machine translation fa-
cilitates cross-border medical exchanges and knowledge 
sharing, and accelerates the multilingual dissemination of 
medical literature, clinical trials and public health infor-
mation.
Through the support of big data and computing power, as 
well as the response to globalized multilingual needs, ma-
chine translation technology is constantly developing and 
improving, making significant contributions to promoting 
global language interoperability and cultural exchange.
3.2.2 Limitations

ChatGPT’s machine translation system still has challenges 
in understanding and dealing with cultural differences, 
polysemy, and implied semantics. The translation system 

also needs to deal with linguistic ambiguity and polyse-
my, determine the most appropriate translation options 
through contextual clues, and ensure that the translation 
result is faithful to the original text as well as adapted to 
the cultural environment of the target language. Transla-
tion accuracy in specific cultures and contexts is one of 
the important directions of current research.
Accurately conveying the emotional color and rhetorical 
style of the original text is one of the key challenges in 
enhancing the humanized output of machine translation 
systems. During the translation process, the system also 
needs to maintain the tone and style of the original text, 
whether formal or informal, technical or colloquial, and 
individual or collective voice, to ensure the consistency 
between the translated text and the original text in terms 
of emotion and style.

4. Impact of Sentiment Analysis on 
Machine Translation
4.1 Improving the Quality of Translations
By identifying the emotional tendency of the original text, 
such as positive, negative or neutral, machine translation 
can more accurately select the appropriate words and ex-
pressions to ensure that the emotional color of the trans-
lated text is consistent with the original.
Deep learning and pre-trained models provide a deeper 
understanding of language, including vocabulary, syntax 
and semantics.
The Attention Mechanism and Transformer models are 
particularly good at capturing long-distance dependencies 
and contextual information.
Pre-trained models can be fine-tuned for specific domains 
or tasks to improve the personalization and adaptability of 
translations.
The parallel processing capability of the Transformer 
model significantly increases the translation speed, mak-
ing real-time translation possible.
With the continuous development of technology and accu-
mulation of data, these models can continuously optimize 
translation quality through continuous learning.

4.2 Enhancing User Satisfaction
Through sentiment analysis, products and services are 
able to better understand users’ emotions and preferenc-
es to provide a personalized experience, which directly 
improves user satisfaction. It can also reveal users’ pain 
points and satisfaction points in the service process, help-
ing companies optimize the service process, reduce user 
frustration, and improve the overall service experience.
Analyzing emotional tendencies in user feedback can 
help companies understand the strengths and weaknesses 
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of their products. Using this information, companies can 
improve product features and user experience to meet user 
needs. And by monitoring sentiment in social media and 
online reviews, companies can identify potential brand 
crises or product problems early and take steps to avoid 
the spread of negative impact.

4.3 Enhancing Cultural Adaptability
In English-to-Arabic translation, sentiment analysis can 
identify irony or puns in English and look for expres-
sions that convey the same emotional color in Arabic. For 
example, “bless you” in English is used after someone 
sneezes, whereas in Arabic a different idiomatic expres-
sion may be needed to show care.
Similarly, when translating from Spanish to Japanese, 
sentiment analysis is able to recognize passionate and ex-
uberant emotional expressions in Spanish and adapt them 
to more subtle and polite expressions in Japanese.
4.3.1 Accurate Communication of Emotional Color in 
Context and Idioms

The English idiom “break the ice” contains the meaning 
of starting a conversation to break the silence, if directly 
translated into Chinese, it may directly appear “ 破 冰 ”, 
but when sentiment analysis helps machine translation to 
translate it into Chinese, it may choose idioms such as“打
破 僵 局 ” to maintain the original social and emotional 
color of easing the atmosphere.
On the other hand, the French word “à la folie “ translates 
directly as “疯狂地 ”, but when translated into German, 
sentiment analysis may choose “wahnsinnig” ( 疯狂 ) to 
convey the same level of enthusiasm and excitement. This 
selective translation capability makes machine translation 
more humane and enhances its effectiveness in cross-cul-
tural communication.
With the advancement of natural language processing 
technology, ChatGPT is increasingly able to translate 
appropriately according to context and cultural habits. 
Through sentiment analysis and comparison of idiomatic 
usage in different languages, the system can select more 
appropriate expressions to convey the appropriate senti-
ment and context.
4.3.2 Emotional Intensity and User-Customized Trans-
lation

In the process of translating Italian into Korean, sentiment 
analysis can identify the rich emotional expressions in 
Italian and adjust them appropriately to fit the emotional 
expression habits of Korean speakers, for example, ad-
justing the exaggerated emotional expressions in Italian to 
expressions that are more in line with the Korean cultural 
context.
Certain expressions may be common and popular in one 

region, while they may seem out of place or inappropriate 
in another. For example, Indian English may use expres-
sions that are derived from the local culture or daily life, 
which may not have corresponding words or expressions 
in American English. When users translate from Indian 
English to American English, sentiment analysis should 
not only consider the direct translation of the language, 
but also take into account the sentiments and expression 
habits of English speakers in different regions, for exam-
ple, the subtle differences in the sentiments of “color” and 
“colour”, as well as the differences in the sentiments of 
certain expressions in different regions. Sentiment analy-
sis is therefore able to identify these nuances and ensure 
that the translation is not only a literal translation, but also 
an accurate conveyance of context and sentiment.

5. Conclusion
This study overviews the importance of sentiment anal-
ysis in machine translation, especially using ChatGPT as 
an example, and discusses how sentiment analysis can 
improve translation quality, user satisfaction and cul-
tural adaptability. The key role of sentiment analysis in 
improving translation accuracy and naturalness is clar-
ified through a review of the development of machine 
translation technology, from early rule-based models to 
modern statistical models to Transformer-based neural 
network models. Sentiment analysis not only identifies 
and conveys the emotional color of the original text, but 
also adapts to expressions in different cultural contexts, 
thus enhancing the effectiveness of cross-cultural com-
munication. Specific cases demonstrate the performance 
of ChatGPT in sentiment analysis, such as the deep emo-
tional insight of The Crucible and the culturally adapted 
translation of idioms and idiomatic expressions, further 
proving the practical application value of sentiment analy-
sis in machine translation.
The application of sentiment analysis in machine transla-
tion has important practical value. Firstly, in cross-cultural 
communication, sentiment analysis can help the transla-
tion system better understand and convey the emotion-
al color of the original text to avoid misunderstanding 
caused by cultural differences. For example, translating 
the English idiom “break the ice” into Chinese “ 打 破
僵局 ” not only maintains the original meaning, but also 
reflects the change of social atmosphere. Secondly, in the 
field of customer service, sentiment analysis can improve 
user experience and satisfaction, enabling machine trans-
lation to more accurately understand the emotional needs 
of customers, so as to provide more personalized services. 
In addition, in social media interactions, sentiment analy-
sis can help brands better grasp public sentiment, react in 
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time, and adjust marketing strategies. In the field of educa-
tion, sentiment analysis can help teachers understand the 
emotional state of students, especially in the online learn-
ing environment, and adjust teaching strategies in time to 
improve learning results. In conclusion, the introduction 
of sentiment analysis not only improves the quality of ma-
chine translation, but also creates more possibilities and 
opportunities for related industries.
Future research can explore the combination of sentiment 
analysis and machine translation in depth in several direc-
tions. First, more advanced sentiment analysis algorithms 
can be developed to improve performance in multilingual 
and multicultural contexts, especially when dealing with 
expressions with local characteristics, so that the system 
can better interpret and convey sentiment. Second, the 
construction of datasets is also extremely important, and 
future research could build a more comprehensive and 
diverse sentiment lexicon to cover a wider range of senti-
ment dimensions and geographical features. In addition, 
research on the interpretability of sentiment analysis mod-
els should be strengthened so that users can understand 
the basis of judgment of the machine translation system in 
sentiment recognition and enhance its credibility.
Meanwhile, with the popularization of machine transla-
tion technology, the issues of ethics and bias need urgent 
attention. Future research can delve into how to ensure 
the impartiality of sentiment analysis in serving users 
of different cultures and languages, and avoid bias and 
misinformation in sentiment delivery. For example, when 
translating Indian English to American English, sentiment 
analysis should not only consider the direct translation of 
the language, but also the emotions and expression habits 

of English speakers in different regions, to ensure that 
the translation is not only a literal translation, but also an 
accurate conveyance of context and emotion. Eventually, 
with the maturity of sentiment analysis technology, ma-
chine translation will not only become a tool for informa-
tion exchange, but also an important bridge to promote 
global cultural exchange and understanding.
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